In this case, we identified some key improvements for the data platform, mainly in
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3 Assessment Example ata quality an ps (Machine Learning Operations)

For data quality, we suggested using anomaly detection services to monitor data
Data P I atfo rm guality issues before they affect end users and stakeholders.
Regarding MLOps, the customer's data platform lacked an MLOps strategy. We
recommended taking a small step towards automation by enabling model artifact
tracking and creating tools for a repeatable model release process.

-
2
w
2
wv
w
w
(%]
w
<
<
[
<
(=]

Maturity Journey Tech Toolset: |

1 2 3 4
DevOps, No Automated Automated FullMLOps
LLMefD Training Ly + Starting point for ML activities is typically manual + Adapt DevOps best practices into ML development,
Untracked, file is Tracked, run results Tracked, run results Tracked, run results incorporating ML-specific aspects and nuances
provided for handoff and model artifacts and model artifacts and model artifacts « Effortto achieve consistency and reliability is hjgh
are captured in a are captured in a are captured in a
“\ Training repeatable way repeatable way repeatable way, + Attain sustainable pace and speed
USRI S * Scale and speed impediments to move across environments
based on metrics
from app * Frictionless movement from Dev to Prod
Manual, hand-off Manual release, clean Automated, CI/CD Automated, CI/CD
handoff process, pipeline set up, pipeline set up, . o n
9 Release managed by SWE team everything is version everything is version The Machine Leammg Ilfecycle MLOps workflow
Coteliee GOn;I::'ide,eﬁ/zdlde:gng Collaborate Build app Test app Release app Monitor app
Train model Package model Validate model Deploy model Monitor model O ju— @ - A — q JE— -
Manual, heavily DS Manual, heavily DS Semiautomated, unit Semi-automated, unit ‘ ] TR B P —
driven driven, basic integration and integration test and integration test . . .o . . ula;";z‘:‘g:&’)p! Ll SR Gl L G A L
A t Integration tests added added, still needs human added, may need - S 5 EI L.d > Y a1 [y
signoff human signoff s .l = N4 [V Lo u N— > Model
A =
A monitoring
@,

. P ! Siloed Mix of siloed and Mostly cooperative with Fully cooperative
eople i iloi y »
‘ P cooperative some siloing Retammods] Data scientist using Azure ! Model performance analysis
Machine Learning

Reference: Azure MLOps Whitepaper
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